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Abstract: The healthcare field has started using artificial intelligence for diagnostics at a fast pace, which brings new
possibilities to enhance diagnostic precision and streamline processes while benefiting medical results. Al systems
demonstrate exceptional ability to structure electronic health record databases for quick access to vital patient
information. The analysis of extensive datasets by artificial intelligence combined with its ability to detect patterns
exceeding human cognition allows major developments in genomic discoveries and drug development. Through its
disease-detection capabilities, Al enables health practitioners to deliver customized treatments and enhance patients’
medical observation. Medical image patterns become easier to detect across multiple diagnosis stages through Al
algorithm systems, which deliver better and swifter diagnosis accuracy. The incorporation of Al systems into medical
choices helps speed up diagnoses and makes them more precise, thus improving patient results. Al implementation in
healthcare generates several important ethical problems and practical issues that must be addressed. The application of
Al in healthcare encounters problems, including the protection of patient information and algorithm discrimination and
the requirement to make Al decision systems easily understandable. Healthcare systems that utilize artificial intelligence
may expose patients to dangerous, unexpected results because of three critical issues, which include safety risks as well
as data protection concerns alongside fair medical service distribution difficulties. The protection of patient personal
information, together with healthcare data security, remains the highest priority throughout Al healthcare practices. Al
systems need to follow the guidelines set by HIPAA to safeguard all patient-related sensitive data. The implementation
of Al systems demands complete transparency and explainability features for both medical staff and patients to
comprehend the decision-making methods.

l. INTRODUCTION

The healthcare industry is experiencing a profound shift right now because computer-based technologies are advancing
quickly and integrating into practice [1]. Machine learning within artificial intelligence has emerged as an influential,
transformative technology that will revolutionize medical operations at every stage, including diagnostic and treatment
processes, as well as healthcare delivery and management [2]. Al healthcare adoption extends beyond recent times, yet
it achieves growing speeds through deep learning techniques that emerged during the past few years [3, 4]. Al algorithms
demonstrate their worth by using their powerful ability to review extensive, complex healthcare data while recognizing
fine patterns, which enables them to create reliable forecasts [5]. The extensive health benefits generated by Al healthcare
applications include more accurate diagnosis tools along with individual treatment designs, cost reductions, and superior
medical results. The implementation of advanced Al systems in healthcare demands a focus on patient safety and privacy
protection due to the new paradigm of better individualized and accessible streamlined healthcare services [6]. Focusing
on distinguishing healthcare-specific disturbances will create methods for building system resilience, which enhances
Al-based medical diagnostic systems' credibility [7].

1. DIAGNOSTIC ACCURACY AND EFFICIENCY

The exceptional value of machine learning systems emerges from their capability to boost medical diagnostics precision
together with workflow speed [8]. Conventional diagnostic strategies use human interpretation of medical pictures with
test outcomes combined with patient background information, but they fall short due to slow completion, inconsistent
evaluation, and possible human mistakes [2]. Machine learning systems receive training for identifying faint medical
data characteristics that human observers tend to overlook [9]. The precise and expedited image interpretation role of Al
algorithms aids medical practitioners in their work [10]. Medical image evaluation using convolutional neural networks
has achieved exceptional results by analyzing X-rays together with CT scans and MRIs for diagnosing Alzheimer's
disease and pneumonia along with cancer [11]. The algorithms operate with high accuracy and speed to recognize early
disease indicators, which results in prompt medical intervention alongside superior patient results [6]. Medical Al systems
become capable of eliminating monotonous activities, which enables healthcare personnel to dedicate their time to
essential complex tasks [12]. Extensive datasets processed by Al facilitate group classification for susceptibility analysis
so that personalized prevention measures along with treatments can be built [13]. Such diagnostic techniques reduce both
the diagnostic protocol duration and financial expenses and simultaneously enhance testing reliability [14].
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The skill of Al systems to rapidly learn new healthcare fields surpasses human medical practitioners, allowing them to
handle quick diagnostics and treatments by efficiently processing extensive medical information [15].
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Fig 1: Uses of Machine Learning in healthcare [69]
1. CHALLENGES AND LIMITATIONS

The powerful applications of Al in medical diagnostics must overcome several obstacles along with different limitations
that remain unaddressed. Training effective artificial intelligence algorithms becomes difficult because the industry lacks
sufficient high-quality labeled data [16]. The performance outcomes of Al algorithms heavily rely on the inputs from
high-quality training data, which requires substantial effort to acquire. The training data of Al algorithms contains biases
that make them vulnerable to producing incorrect or unjust predictions [17].

If training algorithms use populations that do not correspond to their target users, the impact is a potential increase in
both erroneous and unjustified diagnostic results [16]. Deep learning models face additional obstacles because some of
their algorithms lack both transparency and program interpretation capabilities. Government policymakers face
significant difficulty because end users cannot understand the result derivation process from Al systems [18]. Black-box
algorithms force decisions without showing the logical basis, thus posing understanding problems for clinicians when it
comes to trusting the outcomes. Multiple solutions need to be developed alongside accountable implementation practices
to address the existing hurdles.

A responsible integration and resolution of medical diagnosis-related difficulties demands multiple modern methods for
implementation. Data privacy requirements must be protected at all stages of input and analysis, followed by security
measures for the entire procedure [19]. Al algorithms require the development of superior datasets that show diversity
and representativeness along with consistent investment. The data scarcity problem should be resolved through mixed-
learning methods that enable distributed training without compromising patient privacy. Computing systems need
thorough assessments to check their unbiased performance, and developers must implement solutions to fix detected
prejudice in algorithms. The implementation of explainable Al techniques generates a clear understanding of Al system
decision mechanisms, thereby enabling medical staff to verify decision rationale. Healthcare professionals gain an
understanding of Al decision processes and validate results accuracy through this approach.
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The application of Al in healthcare demands explicit ethical consideration because stakeholders need to achieve
technological advancement while upholding their moral duties [20]. In order to safely use Al for healthcare purposes, the
development process needs established regulatory frameworks that safeguard both patient safety and autonomy and
privacy protection [21]. Healthcare institutions should implement Al according to medical ethics standards consisting of
principles of autonomy, beneficence, non-maleficence, and justice [22]. Al systems should enhance healthcare expertise
instead of performing professional duties to maintain total medical responsibility for patient care [23]. Healthcare
professionals should guide Al tool development while ensuring that all solutions maintain user-friendly operations within
medical settings [24]. The evaluation of Al systems must occur continuously because it enables experts to check whether
their operations remain on target and identify any adverse results that might occur [20]. The implementation of Al in
healthcare demands a collaborative effort between policymakers, developers, healthcare professionals, and patients to
address ethical and legal barriers in healthcare [25]. Different stakeholder groups, such as patients and healthcare
providers, along with ethicists and policymakers, must actively participate throughout artificial intelligence technology
development so ethical issues receive attention while ensuring alignment with societal values [26].

V. LITERATURE REVIEW

Numerous studies investigate how artificial intelligence can transform diagnostic procedures and healthcare treatments
in medicine while garnering much attention throughout the healthcare field. Healthcare professionals must address the
ethical and regulatory issues that come with Al technologies because they cause significant problems in medical practice
[27]. The successful deployment, along with responsible development of Al-driven healthcare applications, demands
resolving these key problems [27]. Al healthcare potential needs maximum achievement through teamwork among
professionals and strict ethical rules with patient privacy protections [28]. For proper use of Al technology in healthcare,
both ethical obstacles and responsible practices need collaboration between researchers, healthcare workers, and
policymakers, along with technology specialists [25].

When deploying Al systems in healthcare operations, all five ethical principles, which include respect for autonomy
alongside harm prevention along with fairness, explicability, and privacy protection, need to be fully integrated [29]. The
principles function as motivational tools that help governments, along with public sector agencies, advance their
adaptation to quick-transforming artificial intelligence technology through appropriate legislation and regulatory
frameworks [27]. The discussion about ethical aspects of Al and robotics in healthcare demands a permanent review of
regulatory systems and professional skill development programs [30]. Healthcare organizations can achieve success with
Al system integration in clinical practice by effectively handling data privacy concerns, addressing algorithm bias, and
establishing liability rules, according to research [30, 26].

VI. METHODOLOGY

The researcher performed a wide-ranging study of academic articles together with industry reports and medical diagnostic
regulatory standards. The research aimed to present a complete summary of current evidence about Al technology, which
included an analysis of technical mechanics together with regulatory framework understanding [27]. The evaluation of
contemporary market movements, together with foreseeable difficulties and future paths of advancement, provides this
research with its goal of establishing a thorough Al healthcare understanding. The analysis investigates healthcare-related
ethical frameworks and guidelines to determine their practical applicability in clinical situations for identifying zones
needing additional research efforts [30].

VII. RESULTS

The research specifies distinct domains in which artificial intelligence can boost both medical diagnostics precision and
treatment results and reduce healthcare spending. The creation of thorough ethical rules is essential for responsible Al
healthcare deployment through its provision of necessary support systems for medical research teams together with
patients and practicing physicians [31]. Another essential requirement emerges from the research environment because
it demands extended investigation into algorithmic bias and Al's influence on medical relations and patient information
security. Interdisciplinary collaboration with stakeholders should continue throughout to guarantee Al technology
implementation results in positive benefits for patients and everyone in society, according to research studies [30] and
[32].

The wide implementation of Al in healthcare depends on solving ethical matters and standardization problems and
clarifying legal responsibilities [33]. Al-driven diagnostic systems require standardized data and workflows together with
Al algorithm validation methods along with bias prevention procedures to achieve trustworthy results.
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The research study illustrates the need for healthcare workers to receive continuous training about how to properly work
with Al tools and how to read their generated findings properly [4]. Healthcare organizations should take action against
these challenges to achieve maximum utilization of Al systems for enhanced patient care delivery [34].
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VIIl.  DISCUSSION

Medical care transformation through Al integration in healthcare proceeds rapidly, while healthcare practitioners need to
address both ethical concerns and regulatory aspects. Professional usage of Al in healthcare requires ethical principles to
become an integral part of designing Al systems and their development and distribution phases [30]. Guidelines built
upon trust, together with safety and autonomy, form the base for implementing Al correctly in clinical settings [35]. The
guidelines must handle three key aspects, including data privacy, transparency, and recognition of Al algorithm bias
potential [35]. To prevent patient harm, healthcare organizations need to define direct responsibilities when medical
professionals use Al in decision-making processes. Healthcare professionals and patients require transparent Al
algorithms that provide explainability because such features build their mutual trust by showcasing Al decision
mechanisms [36].

The proprietary character of Al algorithms prevents medical devices from revealing their inner workings; hence,
healthcare professionals maintain a minimal understanding of the Al decision-making process. A physician's capacity for
being transparent with patients diminishes because they lack a full understanding of how Al devices make their decisions
[37]. Al systems require quality assurance through network transparency that allows both professional healthcare workers
and patients to understand the processes of Al-based systems [38]. Real-time monitoring and evaluation procedures need
implementation for Al systems operating in clinical practice as they serve to discover biases and errors [39].

Manual data training programs typically lead to the successful reproduction of existing biases found in input information
[40]. Healthcare end results will continue to worsen due to these biases whenever medical professionals fail to recognize
and repair them [41]. Al algorithms that contain biases will produce discriminatory and unequal results for specific patient
groups, thus highlighting the need for fair algorithm development [42]. The prevention of these risks requires healthcare
professionals to utilize datasets that present comprehensive diversity alongside systematic bias identification audits for
Al systems [43]. Machine intelligence systems need to adapt to evolving patient populations and healthcare settings since
they need to maintain accuracy and effectiveness over time [44].

The ethical consequences of artificial intelligence in healthcare demand joint involvement between healthcare experts,
government officials, and technology creators [45]. As healthcare professionals work together with developers, they help
build trust while making diagnostic systems based on Al more reliable and establish responsible practices using Al in
medical care [46]. Al requires immediate attention to legal and ethical issues that deal with liability when using Al-
assisted decision-making [47]. The creation of reliable diagnostic systems through regulations along with industry
standards and professional guidelines will achieve this aim [48]. Al systems suffer from occasional inaccuracies together
with bias issues and unclear workings, which pose problems in their implementation and decrease user trust [49,50].

Utilizing these technology tools allows businesses to discover hidden information for growing their operations while
gaining competitive advantages and enhancing decision processes and driving innovation [51]. Al integration with
traditional business methodologies represents a major change that creates innovative competitive opportunities for
organizations [52]. Organizations that implement big data analytics and Al-powered automation systems gain the ability
to make better decisions and enhance operational efficiency as well as improve customer satisfaction [53, 54]. Research
demonstrates how Al institutions employ this technology to operate system automation along with data evaluation and
user-specific experience generation across multiple commercial sectors [55].

The ability of Al to analyze extensive data collections while identifying patterns and making predictive forecasts grants
businesses market leadership and stimulates business development [56]. Al enables businesses to operate optimally and
generate innovative solutions as well as sustainable expansion in present-day dynamic business circumstances through
automated processes and customer-specific services and insightful data analysis [57, 58]. International business Al
adoption created modifications in workplace design along with restructuring organizations while demanding new
employee practices [59]. Strategic deployment of big data alongside Al by companies ensures their digital success
because of its ability to grow business operations effectively [60, 61]. These technologies can reach their maximum
potential when businesses build required infrastructure while selecting skilled staff along with frameworks for ethical
and transparent implementation [62].

Public understanding and learned understanding of Al in healthcare directly influences its ethical adoption. Patients
together with healthcare providers need complete information about how Al medical tools function alongside their
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particular advantages and restrictions and potential hazards [63, 64]. The clear definition of AI’s position in medical
choices enables expectation control and develops trust between patients and healthcare institutions [65].
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Developing Al models efficiently requires interdisciplinary research to create solutions which follow both medical ethics
and clinical requirements [66]. The continuous assessment performed by authorities and independent inspectors helps
maintain organizational transparency preventing unapproved system use [67]. Al will advance healthcare through an
open and accountable framework that brings together collaborative teams for the dual purpose of safe patient practices
and ethical compliance [68, 69].

IX. CONCLUSION

Artificial intelligence integration in healthcare produces revolutionary changes throughout medical operations while
enabling better diagnosis capabilities, treatment planning, and patient monitoring capabilities. The deployment of Al in
clinical areas requires clear transparency alongside understanding mechanisms and fair operations to implement Al
effectively and ethically. Explanation in Al systems has become a crucial research domain that seeks to solve Al model
black box problems through a better understanding of decision-making processes. Explainable systems play an essential
role in developing trust among healthcare providers, their patients, and regulators, thereby enabling the responsible
implementation of Al diagnostic tools. Clinical decision support systems lack explainability, which creates substantial
risks for medical ethics and negative impacts on health results for both patients and populations. Al system development
faces an ongoing challenge to achieve interpretability, which allows physicians to detect mistakes and enables patients
to oppose system decision-making.

REFERENCES

[1] N. G. Nia, E. Kaplanoglu, and A. Nasab, “Evaluation of artificial intelligence techniques in disease diagnosis and
prediction,” Discover Artificial Intelligence, vol. 3, no. 1, Jan. 2023, doi: 10.1007/s44163-023-00049-5.

[2] K. Yu, A. L. Beam, and L. S. Kohane, “Artificial intelligence in healthcare,” Nature Biomedical Engineering, vol. 2,
no. 10. Nature Portfolio, p. 719, Oct. 05, 2018. doi: 10.1038/s41551-018-0305-z.

[3] A. Chang, “The Role of Artificial Intelligence in Digital Health,” in Computers in health care, Springer International
Publishing, 2019, p. 71. doi: 10.1007/978-3-030-12719-0_7.

[4] S. M. Varnosfaderani and M. Forouzanfar, “The Role of Al in Hospitals and Clinics: Transforming Healthcare in the
21st Century,” Mar. 29, 2024, Multidisciplinary Digital Publishing Institute. doi: 10.3390/bioengineering11040337.

[5] M. Chen and M. Décary, “Artificial intelligence in healthcare: An essential guide for health leaders,” Healthcare
Management Forum, vol. 33, no. 1. SAGE Publishing, p. 10, Sep. 24, 2019. doi: 10.1177/0840470419873123.

[6] V. K. Kasula et al., "Enhancing Smart Contract Vulnerability Detection using Graph-Based Deep Learning
Approaches,” 2024 International Conference on Integrated Intelligence and Communication Systems (ICIICS),
Kalaburagi, India, 2024.

[71 V. Moskalenko and V. Kharchenko, “Resilience-aware MLOps for Al-based medical diagnostic system,” Mar. 27,
2024, Frontiers Media. doi: 10.3389/fpubh.2024.1342937.

[8] Menon, S., Addula, S. R., Parkavi, A., Subbalakshmi, C., Dhandayuthapani, V. B., Pokkuluri, K. S., & Soni, A.
(2024). Streamlining task planning systems for improved enactment in contemporary computing surroundings. SN
Computer Science, 5(8). https://doi.org/10.1007/s42979-024-03267-5

[9] O. S. Tataru et al., “Artificial Intelligence and Machine Learning in Prostate Cancer Patient Management—Current
Trends and Future Perspectives,” Diagnostics, vol. 11, no. 2. Multidisciplinary Digital Publishing Institute, p. 354,
Feb. 20, 2021. doi: 10.3390/diagnostics11020354.

[10] E. J. Topol, “High-performance medicine: the convergence of human and artificial intelligence,” Nature Medicine,
vol. 25, no. 1. Nature Portfolio, p. 44, Dec. 28, 2018. doi: 10.1038/541591-018-0300-7.

[11] Kumar, D., Pawar, P., Gonaygunta, H., & Singh, S. (2023). Impact of federated learning on industrial iot-A
Review. Int. J. Adv. Res. Comput. Commun. Eng, 13(1), 1-12.

[12] A. O. Akinrinmade et al., “Artificial Intelligence in Healthcare: Perception and Reality,” Cureus. Cureus, Inc., Sep.
20, 2023. doi: 10.7759/cureus.45594.

[13] Z. Tariq, “Integrating Artificial Intelligence and Humanities in Healthcare,” Jan. 01, 2023, Cornell University. doi:
10.48550/arxiv.2302.07081.

[14] C. Diaconu et al., “The Role of Artificial Intelligence in Monitoring Inflammatory Bowel Disease—The Future Is
Now,” Diagnostics, vol. 13, no. 4. Multidisciplinary Digital Publishing Institute, p. 735, Feb. 15, 2023. doi:
10.3390/diagnostics13040735.

[15] G. Krishnan et al., “Artificial intelligence in clinical medicine: catalyzing a sustainable global healthcare paradigm,”
Frontiers in Artificial Intelligence, vol. 6. Frontiers Media, Aug. 29, 2023. doi: 10.3389/frai.2023.1227091.

Copyright to IMRJR imrjr.com Page | 66


https://imrjr.com/
https://doi.org/10.1007/s42979-024-03267-5

Multidisciplinary . .
Research Journal A Peer-reviewed journal

Reviews (IMRJR) Volume 2, Issue 4, April 2025
DOI 10.17148/IMRJR.2025.020408

[16] M. A. Al-antari, “Artificial Intelligence for Medical Diagnostics—Existing and Future Al Technology!,”
Diagnostics, vol. 13, no. 4. Multidisciplinary Digital Publishing Institute, p. 688, Feb. 12, 2023. doi:
10.3390/diagnostics13040688.

[17] M. H. M et al., “PFCM based segmentation and TFA based DCNN model for skin cancer classification using
dermoscopic images,” 2024 International Conference on Data Science and Network Security (ICDSNS), pp. 1-7,
Jul. 2024. doi:10.1109/icdsns62112.2024.10690940

[18] S. K. Mudgal, R. Agarwal, J. Chaturvedi, R. Gaur, and N. Ranjan, “Real-world application, challenges and
implication of artificial intelligence in healthcare: an essay.,” PubMed, vol. 43. National Institutes of Health, p. 3,
Jan. 01, 2022. doi: 10.11604/pamj.2022.43.3.33384.

[19] Meduri, K., Nadella, G. S., Yadulla, A. R., Kasula, V. K., Maturi, M. H., Brown, S., ... & Gonaygunta, H. (2024).
Leveraging Federated Learning for Privacy-Preserving Analysis of Multi-Institutional Electronic Health Records in
Rare Disease Research. Journal of Economy and Technology.

[20] G. Karimian, E. Petelos, and S. M. A. A. Evers, “The ethical issues of the application of artificial intelligence in
healthcare: a systematic scoping review,” Mar. 28, 2022, Springer Nature. doi: 10.1007/s43681-021-00131-7.

[21] C. Kelly, A. Karthikesalingam, M. Suleyman, G. S. Corrado, and D. King, “Key challenges for delivering clinical
impact with artificial intelligence,” Oct. 29, 2019, BioMed Central. doi: 10.1186/s12916-019-1426-2.

[22] D. D. Farhud and S. Zokaei, “Ethical Issues of Artificial Intelligence in Medicine and Healthcare,” Iranian Journal
of Public Health. Knowledge E, Oct. 27, 2021. doi: 10.18502/ijph.v50i11.7600.

[23] Kumar, D., Pawar, P. P., Meesala, M. K., Pareek, P. K., Addula, S. R., & Shwetha, K. S. (2024, November).
Enhanced Stock Market Trend Prediction on the Indonesia Stock Exchange Using Improved Bacterial Foraging
Optimization and Elitist Whale Optimization Algorithms. In 2024 International Conference on Integrated
Intelligence and Communication Systems (ICIICS) (pp. 1-8). IEEE.

[24] D. Jha et al., “Ensuring Trustworthy Medical Artificial Intelligence through Ethical and Philosophical Principles,”
Jan. 01, 2023, Cornell University. doi: 10.48550/arxiv.2304.11530.

[25] M. Jeyaraman, S. Balaji, N. Jeyaraman, and S. Yadav, “Unraveling the Ethical Enigma: Artificial Intelligence in
Healthcare,” Cureus. Cureus, Inc., Aug. 10, 2023. doi: 10.7759/cureus.43262.

[26] A. A. Abujaber and A. J. Nashwan, “Ethical framework for artificial intelligence in healthcare research: A path to
integrity,” World Journal of Methodology, vol. 14, no. 3. Jun. 25, 2024. doi: 10.5662/wjm.v14.i3.94071.

[27] C. Mennella, U. Maniscalco, G. D. Pietro, and M. Esposito, “Ethical and regulatory challenges of Al technologies
in healthcare: A narrative review,” Heliyon, vol. 10, no. 4. Elsevier BV, Feb. 01, 2024. doi:
10.1016/j.heliyon.2024.26297.

[28] S. Yelne, M. Chaudhary, K. Dod, A. Sayyad, and R. Sharma, “Harnessing the Power of Al: A Comprehensive
Review of Its Impact and Challenges in Nursing Science and Healthcare,” Cureus. Cureus, Inc., Nov. 22, 2023. doi:
10.7759/cureus.49252.

[29] Addula, S.R., & Tyagi, A. K. (2024). Future of computer vision and industrial robotics in smart
manufacturing. Artificial ~ Intelligence-Enabled  Digital — Twin  for  Smart  Manufacturing,  505-
539. https://doi.org/10.1002/9781394303601.ch22.

[30] C. Elendu et al., “Ethical implications of Al and robotics in healthcare: A review,” Medicine, vol. 102, no. 50.
Wolters Kluwer, Dec. 15, 2023. doi: 10.1097/md.0000000000036671.

[31] C. Wang, S. Liu, H. Yang, G. Jiu-lin, Y. Wu, and J. Liu, “Ethical Considerations of Using ChatGPT in Health Care,”
Journal of Medical Internet Research, vol. 25, Jul. 2023, doi: 10.2196/48009.

[32] T. Panch, H. Mattie, and R. Atun, “Artificial intelligence and algorithmic bias: implications for health systems,”
Journal of Global Health, vol. 9, no. 2. Edinburgh University Global Health Society, Nov. 24, 2019. doi:
10.7189/jogh.09.020318.

[33] Yenugula, M., Yadulla, A. R., Konda, B., Addula, S. R., & Kasula, V. K. (2023). Enhancing Mobile Data Security
with Zero-Trust Architecture and Federated Learning: A Comprehensive Approach to Prevent Data Leakage on
Smart Terminals. JOURNAL OF RECENT TRENDS IN COMPUTER SCIENCE AND ENGINEERING
(JRTCSE), 11(12), 52-64.

[34] R. Daruvuri, K. Patibandla, and P. Mannem, "Leveraging unsupervised learning for workload balancing and resource
utilization in cloud architectures,” International Research Journal of Modernization in Engineering Technology and
Science, vol. 6, no. 10, pp. 1776-1784, 2024

[35] R. Macri and S. L. Roberts, “The Use of Artificial Intelligence in Clinical Care: A Values-Based Guide for Shared
Decision Making,” Current Oncology, vol. 30, no. 2, p. 2178, Feb. 2023, doi: 10.3390/curroncol30020168.

[36] S. R. Addula and G. Sekhar Sajja, "Automated Machine Learning to Streamline Data-Driven Industrial Application
Development,” 2024 Second International Conference Computational and Characterization Techniques in
Engineering & Sciences (IC3TES), Lucknow, India, 2024, pp. 1-4, doi: 10.1109/IC3TES62412.2024.10877481.

[37] S. Pasricha, “Al FEthics in Smart Healthcare,” arXiv (Cornell University), Jan. 2022, doi:
10.48550/arxiv.2211.06346.

’ International International Multidisciplinary Research Journal Reviews (IMRJR)

Copyright to IMRJR imrjr.com Page | 67


https://imrjr.com/
https://doi.org/10.1002/9781394303601.ch22

Multidisciplinary . .
Research Journal A Peer-reviewed journal

Reviews (IMRJR) Volume 2, Issue 4, April 2025
DOI 10.17148/IMRJR.2025.020408

[38] M. Al-kfairy, D. Mustafa, N. Kshetri, M. Insiew, and O. Alfandi, “Ethical Challenges and Solutions of Generative
Al:  An Interdisciplinary Perspective,” Informatics, vol. 11, no. 3, p. 58, Aug. 2024, doi:
10.3390/informatics11030058.

[39] Yenugula, M. (2022). Google Cloud Monitoring: A comprehensive guide. Journal of Recent Trends in Computer
Science and Engineering, 10(2), 40-50. DOI: https://doi.org/10.70589/JRTCSE.2022.10.2.5

[40] F. Mirakhori and S. K. Niazi, “Harnessing the AI/ML in Drug and Biological Products Discovery and Development:
The Regulatory Perspective,” Oct. 2024, doi: 10.20944/preprints202410.2510.v1.

[41] A. Shuaib, “Transforming Healthcare with Al: Promises, Pitfalls, and Pathways Forward,” May 01, 2024, Dove
Medical Press. doi: 10.2147/ijgm.s449598.

[42] M. I. Ahmed, B. Spooner, J. Isherwood, M. A. Lane, E. Orrock, and A. R. Dennison, “A Systematic Review of the
Barriers to the Implementation of Artificial Intelligence in Healthcare,” Cureus. Cureus, Inc., Oct. 04, 2023. doi:
10.7759/cureus.46454.

[43] R. Daruvuri,B. Puli,P. Sundaramoorthy,P. N. N. V. VamsiLala, J. B and R. Sathya, “Novel approach for Early-stage
Ovarian Cancer Prediction and Reducing Recurrence: A Comprehensive Review”, in Proc. International
Conference on Visual Analytics and Data Visualization (ICVADV), Chennai, India, 2025, pp. 1147-1153.

[44] A. Dhopte and H. Bagde, “Smart Smile: Revolutionizing Dentistry With Artificial Intelligence,” Cureus. Cureus,
Inc., Jun. 30, 2023. doi: 10.7759/cureus.41227.

[45] Daniel, V. A. A., Vijayalakshmi, K., Pawar, P. P., Kumar, D., Bhuvanesh, A., & Christilda, A. J. (2024). Enhanced
affinity propagation clustering with a modified extreme learning machine for segmentation and classification of
hyperspectral imaging. e-Prime-Advances in Electrical Engineering, Electronics and Energy, 9, 100704.

[46] T. H. Davenport and R. Kalakota, “The potential for artificial intelligence in healthcare,” Jun. 01, 2019, Royal
College of Physicians. doi: 10.7861/futurehosp.6-2-94.

[47] Pawar, P. P., Kumar, D., Meesala, M. K., Pareek, P. K., Addula, S. R., & Shwetha, K. S. (2024, November). A
Patient-Centric Blockchain Framework for Transparent and Secure Medical Data Sharing Using Modified AES.
In 2024 International Conference on Integrated Intelligence and Communication Systems (ICIICS) (pp. 1-7). IEEE.

[48] Yadulla, A. R. (2022). Building smarter firewalls: Using Al to strengthen network security protocols. Int J Comput
Artif Intell, 3(2):109-112.

[49] J. Zou and L. Schiebinger, “Ensuring that biomedical Al benefits diverse populations,” EBioMedicine, vol. 67.
Elsevier BV, p. 103358, May 01, 2021. doi: 10.1016/j.ebiom.2021.103358.

[50] F. Pesapane et al., “Legal and Regulatory Framework for Al Solutions in Healthcare in EU, US, China, and Russia:
New Scenarios after a Pandemic,” Oct. 15, 2021, Multidisciplinary Digital Publishing Institute. doi:
10.3390/radiation1040022.

[51] H. Shamszare and A. Choudhury, “Clinicians’ Perceptions of Artificial Intelligence: Focus on Workload, Risk,
Trust, Clinical Decision Making, and Clinical Integration,” Aug. 16, 2023, Multidisciplinary Digital Publishing
Institute. doi: 10.3390/healthcare11162308.

[52] R. Daruvuri, V. C. S. Naidu, B. Puli, R. V. S. Praveen, P. Sundaramoorthy, G. Gunasekar, G. K. Yadav, and S. Paru,
"Al Enabled Computing Device for Detection of Alzheimer’s," UK Patent 6417427, issued 2025. [Online].
Available: https://www.registered-design.service.gov.uk/find/6417427.

[53] Addula, S. R., Tyagi, A. K., Naithani, K., & Kumari, S. (2024). Blockchain-empowered Internet of things (IoTs)
platforms for automation in various sectors. Artificial Intelligence-Enabled Digital Twin for Smart Manufacturing,
443-477. https://doi.org/10.1002/9781394303601.ch20

[54] S. Sarfaraz, Z. Khurshid, and M. S. Zafar, “Use of artificial intelligence in medical education: A strength or an
infirmity,” Journal of Taibah University Medical Sciences, vol. 18, no. 6. Elsevier BV, p. 1553, Jul. 08, 2023. doi:
10.1016/j.jtumed.2023.06.008.

[55] Kumar, D., Pawar, P. P., Gonaygunta, H., Nadella, G. S., Meduri, K., & Singh, S. (2024). Machine learning’s role
in personalized medicine & treatment optimization. World Journal of Advanced Research and Reviews, 21(2), 1675-
1686.

[56] B. Konda et al., "Enhancing Traceability and Security in mHealth Systems: A Proximal Policy Optimization-Based
Multi-Authority Attribute-Based Encryption Approach,” 2025 29th International Conference on Information
Technology (IT), Zabljak, Montenegro, 2025.

[57] R. Pierce, S. Sterckx, and W. V. Biesen, “A riddle, wrapped in a mystery, inside an enigma: How semantic black
boxes and opaque artificial intelligence confuse medical decision-making,” Bioethics, vol. 36, no. 2, p. 113, Aug.
2021, doi: 10.1111/bioe.12924.

[58] Y.-H. Li, Y. Li, M.-Y. Wei, and G. Li, “Innovation and challenges of artificial intelligence technology in
personalized healthcare,” Scientific Reports, vol. 14, no. 1. Nature Portfolio, Aug. 16, 2024. doi: 10.1038/s41598-
024-70073-7.

[59] S. Bharati, M. R. H. Mondal, and P. Podder, “A Review on Explainable Artificial Intelligence for Healthcare: Why,
How, and When?,” IEEE Transactions on Artificial Intelligence, vol. 5, no. 4. Institute of Electrical and Electronics
Engineers, p. 1429, Apr. 13, 2023. doi: 10.1109/tai.2023.3266418.

’ International International Multidisciplinary Research Journal Reviews (IMRJR)

Copyright to IMRJR imrjr.com Page | 68


https://imrjr.com/
https://www.registered-design.service.gov.uk/find/6417427
https://doi.org/10.1002/9781394303601.ch20

Multidisciplinary . .
Research Journal A Peer-reviewed journal

Reviews (IMRJR) Volume 2, Issue 4, April 2025
DOI 10.17148/IMRJR.2025.020408

[60] D. Petkovi¢, “It is Not ‘Accuracy vs. Explainability’—We Need Both for Trustworthy Al Systems,” Jan. 30, 2023,
Institute of Electrical and Electronics Engineers. doi: 10.1109/tts.2023.3239921.

[61] Yadulla, A. R., Yenugula, M., Kasula, V. K., Konda, B., Addula, S. R., & Rakki, S. B. (2023). A time-aware LSTM
model for detecting criminal activities in blockchain transactions. International Journal of Communication and
Information Technology 2023; 4(2): 33-39

[62]S. A. Alowais et al., “Revolutionizing healthcare: the role of artificial intelligence in clinical practice,” BMC Medical
Education, vol. 23, no. 1. BioMed Central, Sep. 22, 2023. doi: 10.1186/5s12909-023-04698-z.

[63] S. V. Bhagat and D. Kanyal, “Navigating the Future: The Transformative Impact of Artificial Intelligence on
Hospital Management- A Comprehensive Review,” Cureus. Cureus, Inc., Feb. 20, 2024. doi: 10.7759/cureus.54518.

[64] M. Khalifa and M. Albadawy, “Al in diagnostic imaging: Revolutionising accuracy and efficiency,” Computer
Methods and Programs in Biomedicine Update, vol. 5, p. 100146, Jan. 2024, doi: 10.1016/j.cmpbup.2024.100146.

[65] L. Lu, A. D’Agostino, S. L. Rudman, D. Ouyang, and D. E. Ho, “Designing Accountable Health Care Algorithms:
Lessons from Covid-19 Contact Tracing,” Mar. 16, 2022. doi: 10.1056/cat.21.0382.

[66] A. Thakkar, A. Gupta, and A. D. Sousa, “Artificial intelligence in positive mental health: a narrative review,”
Frontiers in Digital Health, vol. 6. Frontiers Media, Mar. 18, 2024. doi: 10.3389/fdgth.2024.1280235.

[67] J. W. Gichoya et al., “Al pitfalls and what not to do: mitigating bias in Al,” British Journal of Radiology, vol. 96,
no. 1150. Wiley, Sep. 12, 2023. doi: 10.1259/bjr.20230023.

[68] F. Giuste et al., “Explainable Artificial Intelligence Methods in Combating Pandemics: A Systematic Review,” IEEE
Reviews in Biomedical Engineering, vol. 16. Institute of Electrical and Electronics Engineers, p. 5, Jun. 23, 2022.
doi: 10.1109/rbme.2022.3185953.

[69] Ghorbian, M., & Ghorbian, S. (2023). Usefulness of machine learning and deep learning approaches in screening
and early detection of breast cancer. Heliyon, 9(12).

[70] 39

’ International International Multidisciplinary Research Journal Reviews (IMRJR)

Copyright to IMRJR imrjr.com Page | 69


https://imrjr.com/

